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1 Introduction 
 

This configuration manual provides step-by-step instructions for replicating the AI-driven 

credit scoring pipeline developed for the MSc Fintech research project titled "AI-Driven 

Credit Scoring Using Alternative Data: Unlocking Financial Access in Emerging 

Markets." 

The project uses the 2024 FinAccess Household Survey from Kenya, a nationally 

representative dataset, to train machine learning models that predict creditworthiness based 

on alternative data sources such as mobile money usage, savings behavior, and demographic 

characteristics. 

The goal is to create a reproducible, explainable, and fairness-aware pipeline that can help 

policymakers, fintech companies, and regulators design more inclusive credit scoring systems 

for underserved populations. 

 

 

2 System Requirements  
 

Hardware: 

• Processor: Intel i5 (8th Gen) or equivalent (minimum) 

• RAM: 8 GB minimum (16 GB recommended) 

• Storage: 10 GB free space 

• GPU: Optional (for faster training in Google Colab) 

Software: 

• Operating System: Windows 10/11, macOS 12+, or Ubuntu 20.04+ 

• Python: Version 3.9+ 

• Jupyter Notebook or Google Colab 

 

Python Libraries: 

Install required dependencies: 

pip install pandas numpy scikit-learn imbalanced-learn shap xgboost lightgbm matplotlib 

seaborn joblib 

 

 

3 Section 3 
 

Dataset: 

• Name: FinAccess Household Survey 2024 

• Source: FinAccess (Central Bank of Kenya, Kenya National Bureau of Statistics, 

FSD Kenya) 

• Format: CSV file 
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Steps to Load Data in Colab: 

 
 

Preprocessing Steps: 

1. Handle missing values: 

 
 

2. Feature selection 

 
 
Target to be in binary (0 – 1) 

 

4 Model Configuration Requirements  
 

Models Implemented: 

• Logistic Regression (class weights balanced) 

• Random Forest 
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• XGBoost 

• LightGBM 

Pipeline Steps: 

 
 

 

Model Evaluation: 
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5. SHAPE Explainability  
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6.Fairness Audit  
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7. Saving & Loading the Pipeline 
 

 
 
Load Model  
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