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1. Introduction

The section provides the target of the research, which is to improve network anomaly
detection using machine learning, and addresses the critical issues, including class imbalance,
supporting resources, and adaptation requirements.

2. Literature Review

This section provides a review of existing literature on ML-based anomaly detection in terms
of techniques, scalability, adaptability, and real-world applicability challenges.

3. Methodology

In this part, the philosophy, approach, design, method of collecting, and analyzing data toward
evaluating ML model accuracy in detecting anomalies are discussed.

4. Data Analysis

In this section, the results of the data preparation, preprocessing, model building, and
performance are represented and compared.

5. Discussion

This section contains an explanation of the findings in the context of the literature, model
comparison, sustainability challenges, and the management of the class imbalance.

6. Conclusion and Recommendations

This section summarizes the main findings of the study, relates them to the objectives, and is
accompanied by recommendations, limitations, and future research problems.
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