




















of this method is restricted by factors which include the dependency on particular platforms
and the possibility that online profiles can be tampered with. The solution enables innovation
but needs proper regulatory measures to protect both innovation and ethical standards.

(Moscato et a l , 2021) This paper examines Peer-to-Peer(P2P) lending platform credit risk
prediction followed by an explanation of how high-dimensional data along with sparsity
and imbalances affect the assessment process. Regular credit scoring processes become
ineffective for P2P lending information because borrowers have incomplete
credit histories and institutions have no control over these transactions. P2P lending
experienced significant rapid transaction growth (35.9% in China during 2017) at the same
time that posed major default risks since unsecured loans face default in 30% of cases.
A benchmark system was developed by the authors which unites machine learning classifiers
alongside feature selection techniques to manage data imbalance alongside high-
dimensionality. The researchers conducted classifier analysis using different sampling
methods on the Lending Club dataset which comprised 877,956 samples gathered from
2016 to 20 1 7.The proposed framework demonstrates strong default risk prediction
capabilities according to testing outcomes even though the excerpt does not feature specific
measurement metrics. The research shows that P2P platforms need proprietary machine
learning approaches that combine feature selection techniques with accuracy
maintenance approaches for maintaining reasonable coverage levels. The method possesses
two important strengths because it shows its ability to process financial data flexibly as well
as use strong data balancing techniques. The system faces two major limitations which involve 

its need for historical information and its elevated costs stemming from data dimension
processing. The study supports fintech risk management but lacks necessary details on model 

metrics and neglects ethical aspects in data protection.

(Machado et al, 2022) The research analyzes how machine learning (ML) methods
strengthen commercial borrower credit risk predictions since the trillions of dollars in
outstanding credit from North American and European financial systems needs improved
forecasting capabilities. Data from a North American commercial bank serves as the basis
for evaluating individual models as well as hybrid approaches for risk assessment through
clustering which functions as a preprocessing step before classification. The research shows 

that credit risk predictions can benefit from hybrid models particularly those using k-Means 

clustering because these systems demonstrate superior accuracy compared to standalone
models.The combination of clustering techniques before classification establishes enhanced
risk evaluation which could assist lenders in  creating better decisions for loans. The research
demonstrates that combining multiple ML approaches enables improved commercial credit
scoring accuracy to help lenders create more effective loan term controls that reduce default
incidents. Furthermore the study demonstrates practical value but includes several important
limitations. Running this approach using exclusive regional information leads to doubts
about its wider validity and the study ignores ethical standards such as personal data
protection. Additional calculations from hybrid models exceed their complexity requirements 

since the performance gains remain negligible.
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