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1 Introduction
Mentioned below are the steps to Configure the Notebook file on SageMaker
1.1 Requirement

e Data in the form of CSV
o AWS account

SageMaker Access with Compute optimize instances.

Boto 3 and python knowledge

VScode (For future work)

2 Implementation

1. Login into AWS

2. Get access to SageMaker studo with appropriate permission

Figure 1: SageMaker Jumpstart Page
3. Create a new Notebook experiment.

B SageMaker resources

Select the resource to view.

¢

Experiments and trials

EXPERIMENTS

0 rows selected  0/20 filters.

Figure 2: Creating New Notebook



4. Set up the notebook environment and choose suitable kernel image for our experi-
ment select PyTorch 2.0.0 CPU optimized image kernel

g el el e O

Figure 3: Choosing Kernel Instance

5. Select instance type ml.C5.24xLarge as the model we are experimenting on is com-
plex we need compute optimized instance with large memory and vCPU

Select Instance

Running notebook Current instance type

Researchx21172749- 96 vCPU + 192 GiB  ml.c5.24xlarge
Ensemble.ipynb

If you change your instanc ing settings for this notebook will be lost, and installed
packages will not be carried over.

Instances 54 of 54 @) Fast launch only

rieoo
Compute o e 48 0 96 GiB
Compute optimized 72 144 GiB
1
® mlgddnxlarge Accelerated computing 4 16 GiB

@ mlgddn.2xlarge Accelerated computing 32 Gig

@ mlgddn.dxarge Accelerated computing 16 64 GiB

@ ml.g4dn.Bxarge Accelerated computing 128 Gie

@ mlgddn.1 2dange A ted computing 48 152 GiB

Figure 4: Choosing Cluster Instance

6. Upload the mentioned data into the notebook by clicking on the highlighted button
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Name Last Modified

borg_traces_data.csv a month ago

M| Researchx21172749-ann.ipynb 4 days ago
M| Researchx21172749-Ensemble.ipynb a day ago
M| Researchx21172749.ipynb 4 days ago

sample_data.csv 4 days ago
[ scaler.pkl 4 days ago
[ stacking_model.pkl 4 days ago
¥ untitled.flow 5 days ago

[W] Untitled.ipynb 7 minutes ago

Figure 5: Uploading dataset

7. To work on AWS notebook, we need boto3. This package gives us access to python
SDK

Library imports

boto3
> cution_role

Figure 6: Importing Boto3

8. Now we can import the necessary libraries for implementation of our experiment

numpy
json
pandas

OneHotEncoder
Co lumnTrans-Fr:-rmeri

MLPClassifier

ColumnTransformer

train_test_split
fier

warnings filterwarnings
filterwarnings(“ignore™)

sklearn. DBSCAN
sklearn. i StandardScaler
sagem.

Figure 7: Importing libraries



9. Once the experiment prediction is complete, we can export the model as a pkl file
which can then be imported into an API framework. Here we are importing joblib
library that will dump the two objects and create .plk file with name as mentioned

in the fig

joblib

model_filename
scaler_filename

joblib.dump(stacking clf, model filename)

joblib.dump(scaler, scaler filename)
model_filename, scaler_filename

("stacking_model.pkl®, 'scaler.pkl®)

Figure 8: Dumping plk files

10. The files will be created in the root folder where the data is imported

org_traces_ a month ago
Researchx21172749-ann.ipynb 4 days ago

m| Reseanchx21172749-Ensemble.ipynb 2 minutes ago
Reseanchx21172749.ipynb 4 days ago
sample_data.csv 4 days ago
scaler.pkl 4 days ago

5 stacking_model.pkl 4 days ago

Figure 9: .plk files in the root folder

Future work Implementation

1. Create flask API using python by adding the package through python package
manger also known as pip using Vs Code terminal

pip install Flask

Figure 10: Installing flask using PIP

2. Then using the terminal create a virtual environment and activate it

ppython -m venv .venv

Figure 11: Creating Virtual Environment

3. Inside the environment create a class file



model_path, scaler_path):

oad(model_path)
.load(scaler_path)

1f, input_data):

put_data)

reshaped_data = data_ar reshape(1, -1)

led_data = sel
n scaled data
elf, input_data):
>d_data = self.preprocess(input_data)
f.model.predict(proc

edictions.tolist()

Figure 12: Creating class file with name StackingModel API

Now create main.py and create the endpoint in the following file

sk, request, jsonify

@app.route( ' /predict’, methods=
predict():

data = request.json
features

model =

features_scaled = model.preprocess(features)

prediction = model.predict(features_scaled)

turn jsonify({ prediction’: int(prediction[0])})

if __name__ ==

app . run (debug=T port=5000)

Figure 13: Creating an endpoint

To debug VS code will auto-generate a launch.json file which contain few debugging
instructions



Figure 14: Auto-generated launch.json

6. We can use postman to test the API that will return a prediction

Peip 1 EE0.0 15000 predect

Response

Figure 15: Postman for calling API
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