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1 Hardware Setup

Current Date/Time: Thursday, December 15, 2022, 11:02:10 AM

Computer Name: MSI

Operating System: Windows 11 Pro 64-bit (10.0, Build 22621)

Language: English (Regional Setting: English)

System Manufacturer: Micro-Star International Co., Ltd.
System Model: GF63 Thin 9SCSR
BIOS: E16R4IMS.505
Processor: Intel(R) Core(TM) i3-9300H CPU @ 2.40GHz (8 CPUs), ~2.4GHz
Memory: 16384MB RAM
Page file: 8450MB used, 9954MB available
DirectX Version: Directd 12

Figure 1:System Configuration

Name:

Manufacturer:

Chip Type:

DAC Type:

Device Type:

Approx. Total Memory:
Display Memory

Figure 2: GPU Memory

NVIDIA GeForce GTX 1650 Ti with Max-Q Desigr
NWVIDIA

NVIDIA GeForce GTX 1650 Ti with Max-Q Desigr
Integrated RAMDAC

Render-Only Display Device

12063 MB

3949 MB

2 Package/ Software Requirements and Installation

The requirements are neatly stored in an txt file for local training for Al but it would be faster
to use google collab notebook which already handles requirements.

Link to google collab —

If not these are the Pre requirements —



Usage: pip install -r requirements.txt

gitpython
ipython
matplotlib>=3.2.2
numpy>=1.18.5
opencv-python>=4.1.1
Pillow>=7.1.2
psutil
PyYAML>=5.3.1
requests>=2.23.0
scipy>=1.4.1
thop>=0.1.1
torch>=1.7.0
torchvision>=0.8.1
tqdm>=4.64.0
e protobuf<=3.20.1
L OQQINQ ~=mmmmm e e oo e o e
e tensorboard>=2.4.1
e clearml>=1.2.0
e comet

Plotting ------------------ mmmmmmmmmsmemeeceeeeo -
e pandas>=1.1.4
e seaborn>=0.11.0

Export -------------- et
coremltools>=6.0

onnx>=1.9.0

onnx-simplifier>=0.4.1

nvidia-pyindex

nvidia-tensorrt

scikit-learn<=1.1.2

tensorflow>=2.4.1

tensorflowjs>=3.9.0

openvino-dev

Deploy -------------- .
e tritonclient[all]~=2.24.0

Link to google collab notebook —
https://colab.research.google.com/drive/1cCOsmOANsqyF5xzd9pidZfEbJw3bBk30?usp=sha
rin

Run the first block for setting up the environment —


https://colab.research.google.com/drive/1cCOsm0ANsqyF5xzd9pidZfEbJw3bBk3O?usp=sharing
https://colab.research.google.com/drive/1cCOsm0ANsqyF5xzd9pidZfEbJw3bBk3O?usp=sharing

Setup

Clone GitHub , install and check PyTorch and GPU.

lgit clone https://github.com/ultralytics/yolovs
cd yolovs
pip install -qr requirements.txt

torch
import utils
display = utils.notebook_init()

YOLOvSs # v7.e-1-gb32t67f Python-3.7.15 torch-1.12.1+cu113 CUDA:@ (Tesla T4, 15118MiB)
Setup complete # (2 CPUs, 12.7 GB RAM, 22.6/78.2 GB disk)

Then uder detection run the second block —

Ipython detect.py --weights yolov5s.pt --img 648 --conf ©.25 --source data/images

Once it is done Run the validation block —
2. Validate

Validate a model's accuracy on the dataset's val or test splits. Models are downloaded automatically from the
To show results by class use the --verbose flag.

torch.hub.download_url_to file("
lunzip -q tmp.zip -d ../datasets &&

M [00:05<00:00, 126MB/s]

Ipython val.py --weights yolov5s.pt --data coco.yaml --img 64@ --half

Don’t forget to upload the training data.
For traing run the third block —

~ Select YOLOvS

° : logger: TensorBoard
logger = 'Te '

logger ==
load ext tensorboard
oard --logdir runs/train
logger Comet
p install -q comet ml
comet_ml; comet_ml.init()
logger == "ClearmL':
install -q clearml
clearml; clearml.browser login()

Ipython train.py --img 640 --batch 16 --epochs 3 --data coco128.yaml --weights yolovss.pt --cache

train: weights=yolov5s.pt, cfg=, data=coco128.yaml, hyp=data/hyps/hyp.scratch-low.yaml, epochs=3, batch size=16, imgsz=64@, rect=False, resu|
github: up to date with v
YOLOVS # v7.8-1-gb32f67f Python-3.7.15 torch-1.12.1+cull3 CUDA:@ (Tesla T4, 15116MiB)

hyperparamet 9=0.01, 1lrf=0.01, momentum=0.937, weight decay=0.0005, warmup_epochs=3.0, warmup_momentum=0.8, warmup_bias 1r=0.1, box=e.
ClearML: run ‘'pip install clearml’ to automatically track, visualize and remotely train YOLOvS # in ClearML

Comet: run 'pip install comet _ml' to automatically track and visualize YOLOv5 # runs in Comet

TensorBoard: Start with 'tensorboard --logdir runs/train’, view at




This would save all the test resluts to your google drive. And our training dataset would be
completed to run on local.

3 Running Al on local to test with the game

1 from typing import Counter
2 from mss import mss
import torch
mport cv2
5  import numpy as np
6  import time

3  region = (int /2- / /2),int /21 / /2),int /2+

6 model = torch.hub.load(r'C:\Users\deads\Desktop\Valorant-AI-cheats-main\yolov5' , 'custom', path= r'C:\Users\deads\Desktop\Valorant-AI-cheats-main\best.pt', sow
7  model.conf =

8  model.maxdet =

9 model.apm =

start_time = time.time()
x =
counter =

vith mss() as ste:
while H
screenshot = np.array(stc.grab(region))
df = model(screenshot, size=736).pandas().xyxy[e]

Run detections.py file with appropriate location for best.pt file (trained model, best case).
This will open a small screen capute window with live detections while you run the game
(valorant).

Note — There may be some dependencies required to install,

these can be installed based on errors using pip install
commands.

4 Qutputs for trained model
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