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Modified novel algorithm based on learning automata
to determine the underutilized physical machine(PM)

in a data center.

Bhavya Shukla
x17150655

Abstract

Cloud computing offers IT solutions all over the world. It works on the pay-as-go
model where customers can use services for various purpose such as academic, in-
dustrial and personal use. However, cloud data centres consume enormous amount
of energy which leads to carbon dioxide emission in the environment. Thus, it leads
to the contribution in the greenhouse gases. Furthermore, lot of energy is used to
cool the servers in the data centres. Therefore, this paper focuses on determining
the underutilized physical machine in the data centres and at the same time fo-
cuses on SLA violation. After the successful determination of underloaded host the
virtual machine can be shifted from the underloaded to balanced host. The main
contribution of the algorithm used is that it helps in determining the balanced host
so that the underutilized resources can be run on that. The main problem of the
underutilized physical machine is that it consumes energy even though they are
not computing the data. Therefore, it is better to switch off these underutilized
servers so that the hefty electric bills that the cloud providers pay can be reduced.
The designed algorithm is dynamic as it is designed to deal with the heterogenous
requests of the customers.

1 Introduction

In recent years, IT infrastructure are continuously growing as there is a need for the
computational data. Cloud computing is a large-scale distributed computing in which
pool of services are offered to the customers through internet so that users can avail
the services(Chaisiri et al.; 2012) . The cloud works on the pay as you go model where
customers only pay for the services which they avail. However, a large-scale infrastruc-
ture requires lot of energy to work or process the data. For instance, in 2006 the energy
consumed by the IT infrastructure was around 4 billion dollar which doubled in the year
2011(Beloglazov and Buyya; 2010a). Another problem apart from the energy consump-
tion is carbon dioxide emission which result in the greenhouse gases. The virtualization
technology allows multiple instances to run on the same physical machine. Therefore, by
using virtualization the resource usage can be increased and maximum throughput can
be achieved.(Beloglazov and Buyya; 2010b). For energy saving dynamic consolidation
and switching off the idle is the best practise. As idle load host consumes 70 percent
of the power which it consumes in the peak utilization (Beloglazov and Buyya; 2010b).
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Thus, proper management of the underutilized host is very important. During the VM
live migration the idle need to be turned off to save energy (Menaud et al.; 2010).

As detecting the underutilized physical machine is very important in the data centre.
Therefore, this paper deals with determining the underloaded host by using the learning
automata algorithm. As the demand of the cloud services is heterogeneous therefore,
this paper deals with heterogeneous workload provided by the planet lab data. This
data contains the traces of workload in the csv file which is used while performing the
simulation. For the simulation cloud sim 3.03(Aazam and Huh; 2014) is used which
provides various predefined classes to carry out the simulation. The key contribution of
this paper as follows-

1- Determining the underutilized physical machine.
2- Manages the heterogeneous workload.
3- Real environment data set has been used (planet lab).
4- Idle host is also determined.
The remainder of this paper is organized as follows. Section 2 defines the method-

ology used while performing. Next is implementation where coding details, cloud sim
information, data base, screen shot are provided and at last conclusion.

1.1 Motivation

The main motivation behind this project is to minimize the unnecessary energy con-
sumption that happens because of the underutilized physical machine in the cloud data
centers. In addition to this another driving force behind doing this project is to minimize
the SLA violation as well. As the servers which are not utilized to their threshold limit
waste large amount of energy as not only the energy is required to run them but also,
they require energy to cool their system which is a complete waste for the data centers.
The modified novel algorithm based on the learning automata has been used to determ-
ine the overloaded host but not the underutilized host. Therefore, in this paper learning
automata algorithm has been used to determine the underloaded host.

1.2 Research Question

Can a modified novel algorithm based on learning automata be used to determine the
underutilized physical machine in a data center ?

1.3 Research Objective

To determine the underutilized physical machine in the data center using learning auto-
mata from the planet lab workload.

2 Related Work

The low utilization of the server is the major concern in the cloud data centres. As
the energy cost is increasing at a rapid pace and more physical machine in the data
centres would mean more money spent on their maintenance. Thus, virtualization helps
in solving this problem by allowing multiple virtual machine instances to run on the
same physical machine so that maximum efficiency can be achieved, and this process is
termed as server consolidation. Dynamic resources allocation is commonly done in the
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virtualized data centre so that unpredicted resources flow can be managed. Thus, to deal
with the dynamic work flow novel algorithm has been proposed which proceed in three
steps measuring the historical data, forecasting the dynamic demand and then finally
allocating virtual machine to physical machine to minimize the energy consumption.
This algorithm is used to deal with the dynamic workload as based on the resource
history the demand is predicted and then the allocation is performed. Hence, the main
advantage of this algorithm is that dynamic load can be handled effectively. But the
major disadvantage of this algorithm is that resources types such as I/O or CPU are not
considered (Bobroff et al.; 2007)

The dynamic placement of virtual machine on the physical machine based to varying
load is a well-studied problem. As the server utilization spike up to 11 to 15 percent during
peak demand so there is a major concern to deal with this hiked workload. The proper
management of the server is the major concern in the data centres as lot of carbon dioxide
is released from the cooling system. The pMapper is an application placement controller
that deals with varying workload. This placement algorithm proceeds in three major
steps powers manager, performance and migration manager. The pMapper approach
is different from the above novel approach (Bobroff et al.; 2007) as in this the cost of
migrating the virtual machine is also estimated while dealing the varying workload. But
the main similarity among both the algorithm is that it is designed to deal with the
dynamic workload.(Verma et al.; 2008).

The virtualization technology like Xen provides the feature of max, min and share.
The minimum is the min amount of resources that need to be allocated, maximum re-
sources needed for the allocation and share ensures resources should be available to all
devices for the computation process. The data centers presently being used does not
focuses on using this virtual machine technology. This min-max approach is used in the
power expand min max algorithm which means minimum amount of resources should be
allocated and not all the resources should be allocated. This approach helps in minimiz-
ing the energy consumption of the data centres up to 40 percent (Cardosa et al.; 2009).
The power expand min max algorithm is different from the above approach (Verma et al.;
2008) as it focuses mainly on resource allocation to PM but not much the migration part
in the data centers.

The data centers need lot of electrical energy to run the servers. Thus, the bills in-
crease not only this data centers damages the environment by emitting carbon in the
atmosphere. Thus, it is very important that the data centers should be managed effi-
ciently. Hence, an adaptive threshold-based approach was introduced to adjust according
to the workload. That mean if the CPU utilization is below the threshold limit then VM
should be migrated as it means it is over-utilized. If the CPU utilization is below the
threshold limit, then it should be migrated as it must underutilized. This mean that the
physical machine is unnecessarily consuming more electrical energy. This approach deals
with the dynamic workload at the same time SLA violation is prevented (Beloglazov and
Buyya; 2010a) . This approach is quite similar to power expand min max(Cardosa et al.;
2009) as CPU utilization is important factor.

Virtualization technology is the key to increase the computation speed so that pro-
cessing can be achieved at a faster rate. Server consolidation is the main problem in the
data centres due the unnecessary migration in data centre the complexity of the operation
increases. Thus, it is very important to control these migrations while dealing with het-
erogenous workload in the data centres. The LP formulation and the heuristic approach
helps in reducing this unnecessary migration by prioritizing the virtual machine. Server
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consolidation is very important in the data centres as it decreases the hefty electric bills.
As now in the data centres the there is a need to process the heterogenous workload thus
dynamic consolidation plays a critical role in the migration process. LP formulation is
designed to deal with the dynamic workload and it is only performed when there is a dire
need to change the capacity of the VM (Ferreto et al.; 2011).The pMapper (Verma et al.;
2008) and power expand minmax algorithm (Cardosa et al.; 2009) does not focuses on
the need of migration and constraints involved while migrating the virtual machine, but
LP formulation focuses on both the aspect.

While carrying the process of server consolidation it very important to take into the
account of the virtual machine dependencies running on the server and the context which
is running on the top of the virtual machine. Application aware virtual machine solve
this issue while carrying out the migration process and it also reduce the network traffic
up to 80 percent. (Shrivastava et al.; 2011). All the above existing solution does not
focus much on decreasing the traffic so that network congestion. As in the pMapper
(Verma et al.; 2008) and LP formulation (Ferreto et al.; 2011).The status of the physical
machine is considered whereas in Application aware virtual machine (Shrivastava et al.;
2011). the status of virtual machine and the application running on it is considered.

Virtual machine allows the multiple instances to run on the same physical machine to
maximize the profit. In the above paper discussed like pMapper (Verma et al.; 2008)which
focuses on the estimating the cost while carrying out the migration process and LP
formulationhttps (Ferreto et al.; 2011). which pays emphasis on estimating the constraints
involved while migrating. The multi-objective ant-colony algorithm deals with minimizing
the resource wastage and minimizing the power wastage. This approach mainly focuses on
reducing the wastage of the resource while carrying out the server consolidation process.
While carrying out the process of migration it happens that lot of resources are wasted
if the resources are utilized to the maximum extent then the optimal solution will be
obtained (Gao et al.; 2013).

As there is a dire need to process large amount of data every day by the data centres.
So, it is very important that data is processed in the shortest amount of time to increase
the computational speed. The energy efficient resources management system keeps track
of the current resource utilization, thermal state of the nodes involved in the computa-
tion. The multi- objective ant-colony (Gao et al.; 2013) algorithm deals with minimizing
the resource usage but doesnt focuses much on meeting the SLA requirement whereas
this energy efficient system pays emphasis on SLA part also. The main contribution of
this paper is to determine which virtual machine should be migrated so that maximum
efficiency is obtained and determine the VM placement according to the current utiliza-
tion. This system performs the migration process which is like adaptive threshold-based
approach (Beloglazov and Buyya; 2010a) as it works monitoring the threshold limit if the
CPU utilization goes below the cut-off point then VM should be migrated and machine
should be shut off. In the final stage the thermal state of the nodes is observed to prevent
the overheating. The state of the node is monitored continuously using sensors and if the
nodes are overheated then workload is migrated in order to provide the natural cooling
so that cost is reduced (Beloglazov and Buyya; 2010b)

As there is a rapid growth for the computational data in todays world. Therefore,
cloud providers focus on minimizing the time to process the data. Virtualization provides
solution to this problem as it creates multiple instances on the physical machine. Various
consolidation schemes have been introduced but this novel approach is different as it
performs migration based on the utilization history of the virtual machine. Another major
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contribution of this paper is that underutilized physical machine is determined, and It
is SLA aware also. As discussed above very few schemes focuses on SLA part. While
performing this novel algorithm first there is a detection of the underutilized physical
machine the criteria for determining that is if the host has least number of virtual machine
instances then it is most likely to be underloaded. This approach is quite like adaptive
threshold-based approach as in both underutilized physical machines is determined, and
SLA violation is prevented (Horri et al.; 2014)

Cloud computing provides on demand resources and works on pay as you model where
user must pay according to the usage. Virtualization is the key for the cloud computing
where multiple instances run on single machine to increase throughput. The median based
threshold approach is very similar to adaptive threshold approach where the consolidation
is performed based on the set median value. If the CPU utilization goes below the median
value, then the machine is underutilized, and virtual machine should be migrated. If the
CPU utilization goes above the median value, then the machine is overutilized and the
resource should be balanced. The main drawback of this algorithm approach is that SLA
violation is not prevented as it is done in the above novel approach (Sharma and Saini;
2016)

The virtual machine placement in the data centre is a NP hard problem. Many
algorithms have been proposed to reduce the VM migration as consolidation process
consumes lot of energy. In this paper energy aware scheme has been proposed which
compromises of two algorithm and it is similar to the application aware placement scheme.
The main aim of this paper is to reduce the number of idle hosts as the underutilized host
consumes lot of energy. This energy efficient scheme performs exact migration which is
required using bin-packing extension and best-fit heuristic. All the needed information to
run the algorithm and perform the VM migration is extracted from cloud Iaas manager.
The simulation result shows using the energy efficient scheme the power reduction can
be approximately 46 percent during the encounter of dynamic workload (Ghribi et al.;
2013).

Power consumed by the data centres is the main area of concern in industry as well
as academic work. But little emphasis has been paid on reducing the network power
which is waisted during the consolidation process. The VMplanner aims on reducing
the network traffic so that power consumption can be reduced and takes advantage of
the flexibility provided by the heterogenous workload during migration. While carrying
out the migration process in the VMplanner the network element and dependencies are
considered. As the traffic is known by the VMplanner therefore it becomes easy to carry
out the migration process (Fang et al.; 2013).

The virtual machine migration is a major concern in a data centre while dealing
with the heterogenous workload. The proposed novel multi-criteria decision making is
used to select the virtual-machine and Window moving average for the detection of the
underutilized physical machine. The detection of underloaded PM is very important
in the datacentre as this host causes lot of energy to waste. The maximum request
resource (MRR) policy is used for the limiting the SLA violation. The MRR eliminates
hotspot happened by CPU shortage in a physical machine which in turn decrease the SLA
violation. All the proposed algorithm in this paper works on the principle on decision tree
as it evaluates the history of the usage and it doesnt work on current CPU utilization.
This proposed algorithm is some what similar to adaptive threshold based approach as in
this also the underutilized physical machine is calculated but in this proposed algorithm
maximum request resource policy prevent the SLA violation which is not taken care of in
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the other algorithm. Furthermore, the resource type is also determined, and it is efficient
in handling the heterogenous workload (Arianyan et al.; 2016).

Resource management the data centre is very important in the data centre, but not
much work has been done on this. The proposed resource management scheme work
focuses on decreasing the energy consumption by determining the VM request beforehand,
number of hosts required to cater that request and switching off the unused hosts. This
resource management scheme proceed in three steps first is k-mean clustering which maps
the virtual machine to the physical machine based on the request it receives. Second is
workload prediction which happens through the wiener filter as the resource type are
predicted through the observation window. Third is the power management which uses
the modified best-fit decreasing to estimate the workload and if the idle host is determined
then it is switched off the above approach is similar to this as both of them works on
predicting. This approach is different from the above approach because in this virtual
machine request is predicted rather than the CPU utilization rate (Dabbagh et al.; 2014).

Quality of service is also a major issue in the cloud computing that means the through-
put should be high and job failure should be low. One unique approach based on the
learning automata to improve the quality in Iaas which is a cloud type. The experiment
result shows that response time and speed up increases because of using the LA and
it is self-learning model gains experience from the past so that it can be applied into
the environment efficiently. The components in the LA are automation, environment,
reward and penalty. The initial probability of all the actions are equal and then with the
comparison with threshold value reward and penalty is awarded (Misra et al.; 2014)

A learning automata-based algorithm is used for the resource management and detec-
tion of overloaded physical machine in a data centre. After detection of the overutilized
host the workload can be migrated. The underloaded physical machine is also determined
using this algorithm and after determining it can be switched off. The learning automata
uses the reinforcement algorithm as it uses the data which it receives and applies it back
to the environment and this algorithm is similar to the above LA algorithm but it is ap-
plied to cater different problem in cloud which is quality of service. The overloaded host
is determined based on the history of the CPU utilization and then after determining the
consolidation of virtual machine can be performed. As the virtual machine migration on
the physical machine is a NP hard problem. The learning automata updates itself after
receiving the input and the SLA violation is also reduced to a great extent as shown in
the figure below LA updates according to each workload provided by the planet lab. The
future work of this paper is to determine the underutilized physical machine in a data
centre and my research work also focuses on determining the underloaded PM (Ranjbari
and Akbari Torkestani; 2018).
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Figure 1: Learning automata algorithm (Ranjbari and Akbari Torkestani; 2018)

Figure 2: Contribution of previous research work

3 Methodology

The methodology is the steps and method or the approach that has been used to carry
out the simulation process. The steps which have been applied are simple to perform.
The main aim to carry out the project was to minimize the energy consumption of the
data centres as lot of energy is being used to run and cool the system. The major driving
force behind this project are-

1. Increasing demand for the computing resources
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2. Improper management of the host in the data centers

3. Limited work done on determining the underloaded host

After considering all the above listed points the modified novel algorithm based on
learning automata has been developed which focuses on the principle automata where
changes the states and move from one state to another. The input for the algorithm is
the data set is provided by the user or the cloud sim simulator. For carrying out the
simulation process the cloud sim is used. The cloud sim is very popular for setting up the
real cloud environment as it has predefined classes for the virtual machine, data centre,
cloudlet and host. The code in the cloud sim is written in java and it extends the classes
which is provided by the cloud sim 3.0.3. The simulation result is displayed on the swing
page by passing the parameter. For the storage of the result MySQL has been used.

4 Design Specification

4.1 Cloud Sim

The cloud sim cloud simulator is a framework which is used for modelling as well as sim-
ulating the services. The code in the cloud sim is written in java. The main advantage of
cloud is that it can simulate real time cloud entities such as data centre, virtual machine,
physical machine, broker. The cloud sim provides an opportunity to concentrate on the
algorithm rather than the paying emphasis on the hardware details (Shi et al.; 2011).
The entities or predefined classes provided by the cloud sim which is used in the project
are as follows.

1. Data center- It set the hardware infrastructure provided by the cloud providers.

2. Host- It set the physical server on which virtual machine instances are set.

3. Virtual machine- It set the VM on the cloud host to deal with the cloudlet.

4. Cloudlet- It set the cloud application-based services.

5. VmAllocation- It is set the provisioning policy for VM to allocate on the host.

6. VmScheduler- It schedule the VM on the host which run

on the data centre (Shi et al.; 2011).
This is the cloud sim simulator architecture and the lower layer contains SimJava dis-

crete event simulation engine that implements the core functionality required to manage
the high level concepts such as creating the core components (hosts, virtual machine,
data centre and cloudlet) and communication between the above mentioned component.
The libraries are implemented using the gridsim toolkit. The cloud sim is implemented
programmatically by extending the lower gridsim layer. The cloud sim is the major layer
in the cloud sim framework which is used to manage the real computing environment by
providing the VM, PM and data centre. The issue is provisioning according to the user
request. The topmost layer is the users code layer that writes the configuration such as
number of hosts, storage, requirements and specification and so on.
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Figure 3: Layered architecture of cloud sim (Buyya et al.; 2009)

4.2 CloudSim Simulation Data Flow Process

This diagram below depicts how the core entities communicate among themselves. Ini-
tially each data centre register itself in the cloud Information service (CIS). The CIS is
used to match the users requests to the authentic cloud provider (Buyya et al.; 2009).
After all this CIS communicates with the broker to execute and perform the relevant op-
eration. The data centre broker communicates regarding execution process with the CIS
and count the quality of service. When the user request comes the resources are available
to the VM and then the allocation is performed according to the requirement (Optimal
online deterministic algorithms and adaptive heuristics for energy and performance effi-
cient dynamic consolidation of virtual machines in Cloud data centers - Beloglazov - 2012
- Concurrency and Computation: Practice and Experience - Wiley Online Library; n.d.).
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Figure 4: Flow of control in cloud sim (Buyya et al.; 2009)

4.3 Flow Diagram

The data set is selected from the planet lab data set. There are lot of data set in the
planet lab workload traces it is up to the user to set the data. After the data set has been
set user needs to set up the server. There are two server option available to the user one
is HP ProLiant ML110 G4 and other is HP ProLiant ML110 G5. The number of cores,
million instruction per second and storage is available dynamically after the selection of
respective server. The most important is the selection of host three options are available
such as 600,700,800. Then the helper class performs the consolidation process based on
the VM, PM and all the mentioned specification. The result is displayed in the LAUD
class.
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Figure 5: Flow diagram (draw.io; n.d.)

5 Implementation

Tools Used
Netbeans 8.1
CloudSim 3.0.3
Front end- Java swing
Database-MySQL 5.5.40
Operating system- Windows 10

DataCenter Configurations
MIPS- 1860,2660(Heterogeneous)
RAM-4 GB
Storage- 1000000
Bandwidth- 1500000
Number of hosts-600,700,800

Virtual machine
MIPS- 2500,2000,1000,500(Heterogeneous)
RAM- 870,1740,1740,613
Storage-10000
Bandwidth-2500
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5.1 coding

As the main of this paper is to determine the underutilized physical machine is a data
center. Therefore, the LA algorithm has been used to determine the underloaded PM and
at the same insuring that minimum SLA violation happened. The coding is done using
the java as a programming language. The cloud sim 3.03 has been used as it provide the
facility of VM selection and VM allocation and it also provides the power model from
where the two HP server has been used to perform the simulation. Another important
class provided by the cloud sim is the utilization history model which is extended in the
learning automata project for carrying out the computation process. The cloud sim also
helps in setting up the cloudlet, virtual machine and data center in project.

Figure 6: Setting the configuration of VM and PM

As seen in the above screen shot the VM and host is being set up using the power
model of the cloud sim. The specification of the VM is being specified such as type,
bandwidth, ram and size etc. Furthermore, the host characteristics are also listed, and
host storage is also listed which is 1 GB. There are around twelve classes in the project.

5.2 Database

For the database MySQL is being used where the information about the host is being
stored three host are used in the project and the number of host is 600, 700 and 800
respectively.

As shown in the screen shot that the host is set up in the class planetLabConstants.
The data which is stored in the database consists of two table one is number of host and
the other is underutilized host. Below is the code for setting up the database connectivity
in the create Datafile class in the project and the username is root and password is blank.
The Exception is also handled using try catch. The table name is LAUDhost where it
consists of two columns.
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Figure 7: Defining the host number

Figure 8: Setting up the database connection

5.3 Consolidation process

The result provided by this algorithm is the number of over-utilized, underutilized, bal-
anced and idle hosts which is computed in the consolidation process only.

As shown in screen shot above in the class helper.java the over-utilized, underutilized,
balanced host and the energy consumed or required or required for carrying out the
proceed. In addition to this the SLA violation and overall SLA violation is calculated
in this class. The helper is required while dealing the VM selection and VM allocation.
The cloudlet is also created in the helper class.

As shown in the screen shot above the time before migration and the time after the
migration is calculated in this. All the cloud sim classes are imported into this class
which will be needed while performing this algorithm such as power model, VM, storage,
host and cloudlet etc. The output or the simulation is carried out because of this class
only as it imports all the class, performs computation and finally print the output. If the
simulation is carried out successfully then success it printed along with the simulation
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Figure 9: Algorithm code

Figure 10: VM allocation and selection

time.
If the simulation process is carried out successfully then the above result will be

displayed. The number of hosts can be set up by the user as there are three option for
the user and for the workload any of the csv file from the planet lab workload data can
be chosen according to the date. Total simulation time and energy consumption which is
19.14 kwh. The overall SLA violation as well average SLA violation is also listed in the
result provided by the simulation.

5.4 Configuration

The two servers are chosen first one is HP ProLiant ML110 G4 (Intel Xeon 3040, 2 cores
1860 MHz, 4 GB), and the second one is HP ProLiant ML110 G5 (Intel Xeon 3075, 2
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Figure 11: Simulation result

cores 2660 MHz, 4 GB). As shown in the figure below when the user chooses any of
the server listed the corresponding cores, million instruction per second and ram gets
displayed. The number of host is 600,700 and 800 from where user gets the option to
select according to his need.

Figure 12: Setting up the data center configuration
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5.5 Dataset

The planetlab data of CPU utilization is taken. The data is according to the date and
the large data is present in the csv file. The workload data is taken by the user for
performing the computation. As shown in the figure below the data of the 3/03/2011
and 06/03/2011 is provided by the cloud sim and these contains the traces of different
workload.

Figure 13: Sellecting the data set

Figure 14: LA
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This is the pseudo code of the learning automata used in the project to determine the
underutilized physical machine in a data centre. In the theory of the automata the input
is given, and the states changes for the input and then according the specified condition
the transition is performed for the value chosen (Narendra and Thathachar; 1974)

The states chosen are overloaded, underloaded. The actions are ASC (average in-
creasing CPU utilization), DESC (average decreasing CPU utilization) and NONE (not
increasing CPU utilization) (Ranjbari and Akbari Torkestani; 2018).

Figure 15: PM state detection

The initial probability of all the action is set equal and reward is awarded bases on
the utilization.

The PM states in the most important thing in this algorithm for detection of under-
utilized host. If there is an increase in utilization, then ASC and if there is a decrease in
the utilization then DESC. The detection of the balanced, overloaded, underutilized and
idle host is based on the threshold values. The threshold values are set and accordingly
computation is performed (Ranjbari and Akbari Torkestani; 2018)
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Figure 16: VM placement algorithm

The power aware best fit algorithm is used to select the PM to which the VM selected
needs to be migrated. As it is clear the main purpose of performing this algorithm to
place a VM. The PM is sorted in the decreasing order. The conditions are specified in
the algorithm to perform the consolidation (Optimal online deterministic algorithms and
adaptive heuristics for energy and performance efficient dynamic consolidation of virtual
machines in Cloud data centers - Beloglazov - 2012 - Concurrency and Computation:
Practice and Experience - Wiley Online Library; n.d.)

Figure 17: update the LA

This is used to update the learning automata algorithm based on the utilization
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fetched. If increasing utilization ASC is awarded and if DESC then decreasing utilization.

6 Evaluation

6.1 Simulation

The simulation process allows to run the project in the real environment. The cloud sim
is used for the simulation and for this cloud sim jar 3.03 and math jar is used. The cloud
sim jar is inserted in the project to carry out the simulation process and the predefined
classes of the cloud sim is used in this project the VM allocation, VM selection, power
model, utilization model. In addition to this workload is also provided by the cloud sim.
As shown in screen shot in source package all the class and workload data set needed
as there. To use these classes of cloud sim in the learning automata the classes are
extended. The helper is the main class where cloudlet is set and the code for carrying
out the consolidation process is written. In the constant.java the simulation time is also
defined.

This above screen shot shows how the simulation process is being carried in this the
VM allocation is being performed and for every host the VM allocation and selection is
performed as shown in the above figure for the host 55,56 and 57 is being performed. The
million instructions per second is also displayed and the simulation time depends upon
the data set.

Figure 18: Simulation process

6.2 Result

After submitting the data simulation process gets started where the various VM alloc-
ation and VM selection process is carried out. This process is carried of deterring the
underutilized, balanced and overloaded host is carried out in the helper class and VM
allocation and selection in the abstract runner. The front end is designed using swing.
As shown in the screen shot the result is displayed showing the number of hosts in this
600 has been chosen. The number of virtual machines running on that physical machine
is 1052. The overutilized host is 34 and it should be shifted. The underutilized host
should be shifted so that power consumption be minimized. The balanced host is the
best because it doesnt need to shift or switched off. The idle host also need to turn off
as it utilizes the energy.
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Figure 19: Cloudsim classes and workload

Figure 20: Simulation process

6.3 Chart

After the showing the result chart will be displayed next. For displaying the chart, the
button on the result need to be pressed. The chart displays the number of hosts and
the underutilized host. In the flushdatafile.java all the other data is deleted and only the
information about the number of host and underutilized host is stored. The table name
is LAUDhost where the two column is created.

As shown in the screen shot above the number of underutilized hosts for 600 in the ini-
tial phase is 14 and for 800 host it is also 14. The underutilized host was minimum for 700
host. The chart value is displayed using swing and these are stored in flushdatafile.java
and the value from this is passed to underutilizedchart.java.
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Figure 21: Number of host vs underutilized hosts

6.4 Discussion

The novel algorithm which has be proposed successfully helps in determining the under-
utilized physical machine in a data centre. The energy consumed by the data centre and
by the application of the learning automata algorithm for determining the underloaded
host and power aware best fit algorithm for placing the virtual machine in an appropriate
data centre. The power consumption can be minimized to a great extent. The cloud sim
algorithm helps in the setting up the necessary hardware required to run the algorithm.
The result obtained shows the computed data which contains the information about the
underutilized, overloaded, balanced and idle hosts. The percentage of SLA violation is
also computed at the end of the simulation. A final chart will be displayed which contains
information about the number of host and underutilized host.

7 Conclusion and Future Work

This study proposed the novel algorithm based on learning automata to determine the
underutilized physical machine in the data center corresponding to the number of hosts
used. The power aware best fit algorithm is used place the VM after detection of the
underloaded host. The energy consumption of the data center is the major concern for
the cloud provider. The hefty bills form the data center is not only the one major issue
another problem which arises due to the underutilized physical machine is the emission
of the green house gases from the data center which pollutes the environment. For the
detection of the balanced and underloaded host the threshold values are used and if the
value falls within the range the state of the host is determined. The learning automata
works on the principle of the automata where the input is applied, and the transition of
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the input is from state to state to determine the output.
The future of this paper might include determining of underutilized based on the

dynamic values other than the threshold values. As in the algorithm used the fixed values
are used for determining the host. In addition, to this the topology of the network, cooling
systems these all issues need to be considered.
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9 Appendix - Configuration Manual

The configuration manual provides the detailed explanation of how to install the java,
NetBeans IDE and cloud sim 3.0.3. Each section below provides the detailed description
of how to install and run all the functionalities to run the project on the system.

9.1 Download Software

To run the project the main thing is to install the necessary software. Step 1- 1.1
Java Development Kit: The JDK is required to run the java applications on the system.
Without the installation of the JDK java applications cant be run on the system (Java
SE Development Kit 10- - Downloads; n.d.).

The windows X64 needs to be downloaded. Henceclick on the option which is parallel
to 64 it that is jdk-8u181-windows-x64 exe.

Step 2- 1.2 Download the Netbeans IDE - The netbeans is an integrated environment
developed to run the java application on the system. The java code is written in netbeans
and it is popular because it is much lighter than eclipse.
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Figure 22: JDK download

Figure 23: Net beans IDE download (NetBeans IDE Download; n.d.)

Step 3- 1.3 Downloading of cloud sim environment - The cloud sim jar is available
to set up the environment for the cloud sim. The cloud sim provides the jar that can be
put into the project so that the environment can be set up.
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Figure 24: Downloading the configuration

Figure 25: Download cloud sim 3.0.3

9.2 Software installation procedure

The software installation procedure provides the detailed description about how to down-
load the software.
2.1 Java JDK installation
After the installation of the JDK the environment needs to be created.
Control Panel -System and Security - System
Advanced System Settings Environment - Variables
System Variables -Path New
After following the described path give the installation path so that installation can be
done and click OK.
2.2 Install NetBeans
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Figure 26: Setting up the configuration

The NetBeans is getting installed and just need to click on the agree button. Finally
click on the finish button.

2.3 Integration of cloud Sim
The cloud Sim needs to be imported into the project and below is the procedure to import
the project. Right click on project -Properties - Libraries -Add Jar/Folder

9.3 Implementation

This procedure shows how to import the project and run it to obtain the result.
3.1- Importing project
File - Import Project - From Zip
After opening the NetBeans import the zip file.
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Figure 27: Downloading

9.4 Output

The main class is inside the learning automata all the jars are already added in this
project. The package name is learning automata and all the classes are written inside
it. The main class is helper.java where the algorith has been written. In this figure
the proceduce to run the project is illustrated. For runnig the project right click on
the learning automata package and run. The learning automata contains different classes
where the code to run the project. The output of the simulation is displayed in the figure.

This figure shows the result after the application of the algorithm.
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Figure 28: Final step to download

Figure 29: Adding the necessary jar
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Figure 30: Necessary steps

Figure 31: Run the file
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Figure 32: Structure of project

Figure 33: Run the file
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Figure 34: Structure of project

Figure 35: Result of simulation
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Figure 36: Final result

Figure 37: Result displaying in form of graph
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